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ABSTRACT. We analyze the strong approximation of the Cox-Ingersoll-Ross (CIR)
process in the regime where the process does not hit zero by a positivity preserving
drift-implicit Euler-type method. As an error criterion we use the p-th mean of the
maximum distance between the CIR process and its approximation on a finite time
interval. We show that under mild assumptions on the parameters of the CIR process
the proposed method attains, up to a logarithmic term, the convergence of order 1/2.
This agrees with the standard rate of the strong convergence for global approximations
of stochastic differential equations (SDEs) with Lipschitz coefficients — despite the fact
that the CIR process has a non-Lipschitz diffusion coefficient.
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1. INTRODUCTION AND MAIN RESULT

In computational finance a lot of effort has been given to the so called Cox-Ingersoll-
Ross process (CIR) recently. The CIR process under consideration has the following
form

dXt = Fd()\ — Xt) dt —+ 9\/ Xt th, XO = Xy, t Z 0. (1)

Here W = (W})i>0, is a one-dimensional Brownian motion, £, A > 0, § > 0 and xy > 0.
It is well known that equation (1) admits a unique strong solution which is non-negative,
see e.g. Chapter 5 in [24]. The CIR process was originally proposed by Cox et al. [9] in
1985 as a model for short-term interest rates. Nowadays, this model is widely used in
financial modeling, e.g. as volatility process in the Heston model [18].

One of the main objectives in mathematical finance is the pricing of (path-dependent)
derivatives. If the asset prices or the interest rates dynamics are modeled by a d-
dimensional SDE with solution (S¢):cjo,7], then this corresponds to the quadrature prob-
lem

p=EF(5)
where F' : C([0,T],RY) — R is the discounted payoff of the derivative. Typically, explicit
formulae for such quantities are unknown and have to be approximated by Monte Carlo
methods that are based on approximate solutions of the stochastic differential equation
on [0, T]. Here, the knowledge of the global strong convergence rate of the approximation
is important, in particular if the efficient Multi-level Monte-Carlo method [12, 13] is to
be used.
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The strong global approximation of equation (1) has been studied in several articles.
Strong convergence (without a rate or with a logarithmic rate) of several discretization
schemes has been shown in [2, 7, 10, 17, 19]. In [2], a general framework for the analysis
of strong approximation of the CIR process is presented along with extensive simulation
studies. Moreover, the strong approximation of more general Ait-Sahalia-type interest
rate models is analyzed in [21]. However, only in [4] non-logarithmic convergence rates
are obtained. In [4] it is shown that a symmetrized Euler method has strong convergence
order 1/2 under restrictive assumptions on the parameters of the equation, see Section 2.
The difficulties to obtain strong convergence rates for the approximations of the CIR
process are due to its square-root coefficient. Thus the standard theory which relies on
the global Lipschitz assumption does not apply [25, 26].

In this article we focus on the regime where the CIR process does not hit zero, i.e.
where
P(X;>0fort>0)=1
an assumption which is often fulfilled in interest rate models. By the Feller test, it is true
if and only if 2k\ > 62, see e.g. Chapter 5 in [24]. We will not directly do a numerical
analysis for the CIR process, but for a coordinate transformation thereof. We consider
the process Y; = VX ¢+, which by It0’s formula satisfies

dY, = > dt+ BY,dt +ydWi, 120, Yo =/, (2)
t
with
AR\ — H2 8 K 0
o= ——- _ —— = —.
g 20 173

This transformation, known as Lamperti transformation, allows us to shift the non-
linearity from the diffusion coefficient into the drift coefficient. Note that the drift

f(a:):%—i—ﬁx, x>0,

satisfies for « > 0, § € R the one-sided Lipschitz condition

(x—y)(f(x) = f(y) <Ble—y)?,  x,y>0
This property is crucial to control the error propagation of drift-implicit Euler schemes,
see [20, 21].
The drift-implicit Euler method with stepsize A > 0 for equation (2) leads to the
numerical scheme

Yk+1 = Yk + <

with yo = /7o and

i—i—ﬁyk-q-l)A‘l”YAkVV, k=0,1,... (3)

Yk+1

AW = Wigna — Wia, k=0,1,....
Recalling that o,y > 0 and § < 0, equation (3) has the unique positive solution

Uk AW (Y + 7AW )? aA
Y= 00— BA) 41— AR T1-pA

which we call drift-implicit square-root Euler method. Transforming back, i.e.

T = Y, k=0,1,...,
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gives a strictly positive approximation of the original CIR process. This scheme has
already been suggested in [2], but convergence results have not been established. Using
piecewise linear interpolation, i.e.

t t
Ty = (k—i‘l—Z) Ty + <Z_k> Tp41, te [kA’(k+1)A]’

we obtain a global approximation (Z;):cpo,r) of the CIR process on [0, 7. Exploiting the
structure of SDE (2) we establish the following theorem.

Theorem 1.1. Let 26\ > 0%, g > 0 and T > 0. Then, for all

2KA

there ewists a constant K, > 0 such that

1/p
(E max X, — Ttlp) < K, /|log(A)] - VA,
te |0,
for all A € (0,1/2].

Hence we obtain the optimal strong convergence rate for the approximation of SDEs
with Lipschitz coefficients, see [27]. The only price to be paid is the restriction on p that
arises from the need to control the inverse p-th moments of the CIR process, which are
infinite for p > 2;_2)\'

The remainder of this article is structured as follows: In the next section we give a short
overview on discretization schemes for the CIR process, while the proof of Theorem 1.1
is given in Section 3.

2. NUMERICAL METHODS FOR THE CIR PROCESS

Discretization schemes for the CIR process were proposed in numerous articles, among
these are [2, 3, 4, 7, 10, 15, 17, 19, 23, 28]. In this short summary we mainly focus on
Euler-type methods.

In [4] the authors study a symmetrized Euler method for the approximation of equa-
tion (1), i.e.

Tpa1 = |ZL’k + Ii()\ - l’k)A + 9\/l‘_k AkW| (4)
for k =0,1,.... Under the assumption

2\
% > 1+\/§max{§«/16p— 1,16p—2}

they found that

E max |XkA—[Ek|2p§Cp'Ap,
k=0,...,[T/A]

where the constant C,, > 0 depends only p, x, A, 8, o and T'. As a consequence of Lemma
3.5 in Section 3 the piecewise linear interpolation of this scheme satisfies the same error
estimate with respect to the p-th mean maximum distance as our drift-implicit square-
root FEuler scheme. However for the symmetrized Euler scheme the assumptions on the
parameters of the CIR process are clearly more restrictive. Moreover, it is shown in [7]
that the symmetrized Euler scheme converges weakly with rate 1 if 2k\ > 262,
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The truncated Euler scheme
Try1r = 2 + (A — x) A+ 04/ 2 AW, kE=0,1,... (5)
was analyzed in [10], while the scheme
Tpg1 :xk—l—/{()\—xk)A—i—H\/MAkW, k=0,1,... (6)
was studied in [19]. Both schemes do not preserve positivity, but satisfy

E max |Xpa — 21> — 0
k=0,...,[T/A]
for A — 0 without further restrictions on the parameters of the equation. In particular
an application of Theorem 3.1 in [17] yields a logarithmic convergence rate for the Euler
schemes (5) and (6). Moreover, if 2\ > 6% it follows from [16] that the Euler schemes
(4) — (6) have a pathwise convergence rate of 1/2 — ¢ for all £ > 0, i.e. we have

1

N Oyij/A | Xka — 25| — 0 P—a.s.

for A — 0. The asymptotic error distribution of these schemes can be deduced from [29]:
max | XA — x| £, max

For 2k > #? it holds that
— —(ID — dB,
VA k=0,..[T/A] t€[0,T] t/

for A — 0, where (By);>0 is a Brownian motion independent of (Wy)i>o and (Py)s>0 is

given by
02 ("1 0 [t 1
o, = —kt—— | —ds+ = | —dW, |, t>0.
¢ exp(/f 8/0XS S+2/0\/ZW) 0

While no explicit solution of equation (1) is known, the finite dimensional distributions
can be characterized in terms of a non-central chi-square distribution, see e.g. [9]. Thus,
equation (1) can be simulated exactly at a finite number of time points using the Markov
property, see e.g. [8, 14].

However, the algorithms for the exact simulation of the CIR process are strongly prob-
lem dependent: The number of degrees of freedom of the non-central chi-square random
variable, which has to be simulated in each step, is 4x\/6?. Thus the computational
cost of the algorithms depends strongly on x, A\ and §. The same problem, i.e. strong
dependence of the computational cost of the algorithm on the parameters of the equa-
tion, arises also for the exact sampling algorithm introduced in [5], which can be also
applied to equation (1), see [6].

While for the simulation of the CIR process at a single point the exact simulation
methods are useful, discretization schemes remain superior if a full sample path of the
CIR process has to be simulated or if the CIR process is part of a system of stochas-
tic differential equations, see e.g. [19]. Moreover, results on strong convergence rates
for approximations of equation (1) have an interest of its own, since it is one of the
most prominent examples for a stochastic differential equation, whose coefficients do
not satisfy the standard global Lipschitz assumption.




AN EULER-TYPE METHOD FOR THE CIR PROCESS 5

3. PROOF OF THEOREM 1.1

In the following we will denote by ¢ constants regardless of their value.

3.1. Preliminaries. For our error analysis we need to control the inverse moments of
the CIR process. Since X; follows a non-central chi-square distribution, we have

2K Zo P
P __ _ p
EX} = (zgexp(—kt)) <92 oxp(t) = 1)

I'(%2 +p) ( 26N 26 )
EEEYZ SN S N e )

I'(%2) 027 62 exp(rt) — 1
for p > —2;—2’\, where ;1 F7 denotes the confluent hypergeometric function, and
EX! =
else, see e.g. Theorem 3.1 in [22]. Since
(b
Filab.2) = o+ 0, 2o =

see formula 13.1.5 on page 504 in [1], it follows for p > —2;—;‘ that ¢ — EX? is bounded
on [0,7], i.e.

sup EX} <00 for p> g (7)
t€[0,T]

Moreover, from Theorem 3.1 [22] or Lemma A.2 in [7] we also have

T
Eexp (s/ Xs_ld3> <00
0

if and only if 0 < e < % (2;—2’\ — )2. In general, one can estimate polynomial moments

against exponential moments, since for ¢, > 0 there exists ¢ > 0 such that z? < ce®™”
for x > 0. Hence we arrive at

Lemma 3.1. Let 2kA > 0%, T > 0 and ¢ > 0. It holds

T q
E(/ Xs_lds) < 00.
0

Further we need a smoothness result for equation (2):

Lemma 3.2. Let 26\ > 0% and T > 0. Then, for all ¢ > 1 we have

ElY, - Y|" <c-[t— s, for st €[0,T],
E sup Y, — Ya|? < ¢~ (|log(A)|A)/2 for A€ (0,1/2],

0<s<t<T, [t—s|<A
and

E sup |Y;|? < 0.
te[0,7
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Proof. For 0 < s <'t, we have

t t
Yt—YS:/ %du+/ﬁyudu+7(wt—ws).

S

By the Cauchy-Schwarz inequality one has

T 2 1/2 T 1/2
Ve v <ol Wl e ([ fman) et ([ pvza)
0 u 0

Since Y, = /X, the first assertion follows now from (7), Lemma 3.1, Minkowski’s
inequality and the smoothness of Brownian motion in the ¢-th mean. For the second
assertion in addition we use the well known fact that the modulus of continuity of
Brownian motion satisfies

E sup (W, — W7 < ef| log(A)|A)q/2

0<s<t<T, [t—s|<A

for A € (0,1/2], see e.g. [11]. The third assertion follows from

T 2 1/2 T
Y, < go+ Wil +¢'/7 (/ %du) + '/ (/ B2Y? du)
0 u 0

E sup |[W]? < oc.
te[0,7)

1/2

and

3.2. Error Bound for the implicit Euler Scheme for Y.

Proposition 3.3. Let 2\ > 0?. For T >0 and 1 <p < 25‘—2’\, there exists ¢ > 0 such
that

1/p
E sup |YkA — yk|p S C- \/Z,
k=0,...,[T/A]

for A € (0,1/2].
Proof. Without loss of generality we assume that A < T'. For the error
er = Yin — Uk

at time point kA we have the recursion

eg =0

€kt1 = € + (f(Y(kJrl)A) - f(yk+1))A + Tk

with (k+1)A

Tk = —/k (f(Y(k+1)A) — f(V1)) dt.

A
Multiplying both sides with e;,; we obtain

1 1
€i+1 < 562 + §€i+1 + €k+1 (f(Y(k+l)A) — f(yk+1))A + €pr1Tk-

Since

eri1 (f Yierna) — f(yes1)) A < Bep A <0
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we have

n—1

0<e2 <2 €kt1Tks n=172,

k=0

and it follows that
[T/A]-1
sup ek <20 |y (8)
k=0,...,[T/A] o

Now, it remains to analyze the local error

(k+1)A
[ G0a) - s

A

73| =

Note that
«Q

fla) = f(b) = Bla—b) + —(b—a)

a
for a,b > 0. Thus

@ = fo < e (14 ) la—

and we obtain

(k‘Jrl)A 1
re| <ec 1+ ———1]1Y — Y| dt.
e [ (1 gy ) Pieena =7

An application of Holder’s and Minkowski’s inequality yields

(k+1)A 1

1 1 L
Erpl/p<c/ (1+<E—>) EY, A Ay
( | k| ) — LA ‘Y;th(k—{-l)A’pq ( | (k+1)A t‘ )

for ¢, ¢’ > 1 with % —i—& = 1. Now, Lemma 3.2 gives

k+1)A 1
(Elre?)"? < c-\/Z-/( ) (1+ (E;)> dt, (9)
N Y Y(kr1)alPa
for all ¢ > 1. Since
1 1 1
E— — <E +E ,
YiYiernalP? = (Y0 [Yern)al?

applying (7) with ¢ > 1 such that pg < 29“—2)‘ yields
2K\
(E\rk\p)l/p <c- A2 for p< e

and using (8) completes the proof of the Proposition. [l
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3.3. Moment Bounds for the implicit Euler Scheme for Y. Now we show that
all moments of the approximation scheme are uniformly bounded. Multiplying (3) with

Y1 ylelds
Yirr = (@ + BY ) A + Y (ke + 7AW,
It follows

Vo1 < (2 +7°)A + g + My, (10)
with
My = 29y AW 4+ Y (A W2 — A), (11)
and we obtain by induction that
Eyi <o+ 2o+ (k+1)A (12)
for all k =0,1,...,[T/A]. This allows us to show:
Lemma 3.4. Let 26\ > 0% and A >0, T > 0. Then for all p > 1 we have

E sup |ylf < 0.
k=0,...,[T/A]

Proof. From (10) and (11) we obtain that

sup |yl <c+c  sup . my dW, (13)
k=0,...,[T/A] k=0,...[T/A] |Jo
with
my = 29ye + 272 (W — Woa), t €A, ((+1)A).
Since

sup  ElmP <c+c  sup Elylf
te[0,[T/A]A] 0=0,...,[T/A]

¢
2
/ m. dr
0

E sup |w[”<c+c sup Elyl
k=0,....[T/A] =0,...,[T/A]

the Burkholder-Davis-Gundy inequality, i.e.

/ m, dW,
0

Jensen’s inequality and (13) give that

P
E sup <c-E

s€[0,¢]

So (12) now yields

E  sup fyl'<oo
k=0,...,[T/A]

and the assertion follows from an induction procedure in p. O
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3.4. Error Bound for the drift-implicit square-root Euler Scheme. Now denote
by X the piecewise linear interpolation of the CIR process with stepsize A > 0, i.e.

_ t t
X, = <k+1_Z) Xin + (Z_k) X(kt1)A, t € [kA, (k+ 1)A].

Lemma 3.5. Let 2\ > 0>, T > 0 and A € (0,1/2]. Then, for all ¢ > 1 we have

E max | X, — X7 < ¢- (|log(A)|A)2.
te[0,7

Proof. Combining the equality
X, — X, = (Vi + YJ)(%; — Vi)
with the Cauchy-Schwarz inequality and Lemma 3.2 we get
E  sup X - X,[7 < c(|log(A)]A)77.

0<s<t<T, |t—s|<A

Now the assertion follows from

sup |X; — Yt\ < sup | Xy — X

te[0,7) 0<s<t<T, [t—s|<A

Due to

sup | X; — Ty < sup |X; — Yt\ +  sup | Xka — yﬁ|
te[0,T)] t€[0,7) k=0,...,[T/A]

and the above Lemma it only remains to control
2p 1/p
(E sup | Xga — vi ) .
k=0,...,[T/A]

Since
E s |Xu-yflP <B( s [Via+wl s Vs - ul),
k=0,...,[T/A] k=0,...,[T/A] k=0,...,[T/A]

an application of Holder’s inequality with & > 0 such that (1 +¢&)p < 29'“—2’\ and Proposi-

tion 3.3 give

1+e LE
E sup |Xpn -yl < (E sup  |Yia + oyl e )H - AP/2,
k=0,....,[T/A] k=0,....,[T/A]

It remains to apply Lemma 3.2 and Lemma 3.4 to finish the proof of Theorem 1.1.
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